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block signalling, which allows a train to proceed as long as it receives radio messages
ensuring that the track ahead is clear of other trains. If messages are lost, a train must stop
for safety reasons within a given deadline, even though the track ahead is clear, making the
availability of the communication link crucial for successful operation.

We combine analytic evaluation of failures due to burst noise and connection losses with
numerical solution of a non-Markovian model representing also failures due to handovers
between radio stations. In so doing, we show that handovers experienced by a pair of chas-
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Emergency brake ing trains periodically affect the availability of the radio link, making behavior of the over-
Non-Markovian stochastic Petri nets all communication system recurrent over the hyper-period of periodic message releases
Stochastic state classes and periodic arrivals at cell borders. As a notable aspect, non-Markovian transient analysis

within two hyper-periods is sufficient to derive an upper bound on the first-passage time

distribution to an emergency brake, permitting to achieve a trade-off between railway

throughput and stop probability. A sensitivity analysis is performed with respect to train

speed and headway distance, permitting to gain insight into the consequences of

system-level design choices.

© 2017 The Authors. Published by Elsevier Ltd. This is an open access article under the CC
BY-NC-ND license (http://creativecommons.org/licenses/by-nc-nd/4.0/).

1. Introduction

The European Rail Traffic Management System (ERTMS) (UIC, 1999a,b) aims at improving performance, reliability, safety,
cross-border interoperability, and maintenance costs of European railway networks. Developed by the European Union and
several industrial manufacturers, it has become a worldwide success, with several installations and investment programs
outside Europe (e.g., China, India, Australia).

The ERTMS relies on the European Train Control System (ETCS), an automatic train protection system which continuously
supervises the train to ensure that the safe speed and distance are not exceeded. A track-side Radio Block Centre (RBC) peri-
odically receives for each train a Position Report (PR) and the results of the integrity check. In turn, the on-board European
Vital Computer (EVC) of each train receives from the RBC a Movement Authority (MA) specifying the maximum allowed
advancement, the maximum allowed speed depending on the track morphology, and possible temporary speed restrictions.
This supports safe control of the distance between a foregoing train and the chasing train that follows: whenever the chasing
train reaches the allowed advancement position defined by the most recent MA, an emergency brake is activated by its EVC
and the train is safely stopped.
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The ERTMS/ETCS is specified at three levels of operation. Level 1 (L1) uses track-side equipments to detect free railway
blocks and perform train integrity checks, computes the MA by summing track circuits that are neither occupied nor in out-
of-service or exclusion conditions (fixed-block signalling), and transmits the MA via transponders (balises) placed at a regular
distance (non-continuous track-to-train communication). Level 2 (L2) relies on the Global System for Mobile Communications
- Railway (GSM-R) (continuous bidirectional communication), reducing maintenance costs (balises are used only to transmit
train position and line information) while making the availability of the radio channel critical for correct operation. Level 3
(L3) avoids train detection systems by considering the train itself as a moving-block, computing the MA from the minimum
safe rear-end of the foregoing train (moving-block signalling), further improving line capacity and maintenance costs. While
the ERTMS/ETCS-L2 is implemented by most railway lines, the ERTMS/ETCS-L3 is the most promising level in terms of capac-
ity gains and track-side installation savings.

The ERTMS/ETCS has been widely addressed in the literature (Ghazel, 2014), with specific focus on L2 (Flammini et al.,
2014, 2006; Abbaneo et al., 2006; Qiu et al., 2014; Hassami and Foord, 2001) and L3 (Zimmermann and Hommel, 2003,
2005; Carnevali et al., 2015; Hermanns et al., 2005; Babczynski and Magott, 2014; Esposito et al., 2003; Neglia et al.,
2016). In Ghazel (2014), a subset of the System Requirements Specification of the ERTMS/ETCS is translated into a condi-
tional transition system, supporting automated verification of safety, interoperability, and liveness properties. In
Flammini et al. (2014, 2006), sensitivity analysis of a multi-formalism model of the ERTMS/ETCS-L2 evaluates the influence
of design parameters on the probability of system-level failure modes, reducing the cost of components while fulfilling RAM
(Reliability, Availability, Maintainability) requirements. Static analysis of the software of the trackside subsystem of the
ERTMS/ETCS-L2 is performed in Abbaneo et al. (2006), supporting correctness verification, traceability, and refactoring. In
Qiu et al. (2014), the ERTMS/ETCS-L2 railway signalling system is modeled as a system of systems using statecharts, and
its dependability parameters are evaluated by considering human factors, network failures, and imprecise failure and repair
rates. Risk forecasting for the on-board and trackside subsystems of the ERTMS/ETCS-L2 is performed in Hassami and Foord
(2001) by leveraging a cause-consequence model and a systematic analysis framework.

In Zimmermann and Hommel (2003, 2005), probabilistic parameters derived from the ERTMS/ETCS-L3 specification are
cast in a hierarchical approach supported by the TimeNET Tool (Zimmermann et al., 2006), modeling failures of the radio
communication due to burst noise, connection losses, and handovers between radio stations. Though showing that han-
dovers have a major impact on communication failures, modeling is restricted and inter-times between crossing of subse-
quent cell borders are represented as exponential variables, so as to avoid multiple concurrent generally-distributed timers
(enabling restriction) (Ciardo et al., 1994; Choi et al., 1994). Analysis results are integrated within a model of location and MA
exchange, using rare event simulation to derive the steady-state probability of an emergency brake, proving that trains can-
not follow each other in braking distance as envisaged by the specification.

The approach of Carnevali et al. (2015) develops the results of Zimmermann and Hommel (2003, 2005) by presenting a
communication model with multiple concurrent non-exponential timers, computing an upper bound on the first-passage
probability that a train is stopped due to a communication failure. Reliability analysis of the ERTMS/ETCS-L3 is also
addressed in Hermanns et al. (2005), leveraging discrete-event simulation supported by the Mobius Tool (Courtney et al.,
2009). In Babczynski and Magott (2014), probabilistic parameters of Zimmermann and Hommel (2003, 2005) are used to
develop a performance statechart model of the ERTMS/ETCS-L3 communication and operation, evaluating the probability
of an emergency stop as a function of the distance between chasing trains. A formal methodology based on UML StateCharts
is applied in Esposito et al. (2003) to verify the wireless communication protocol against CENELEC requirements, specifically
EN 50128 (CENELEC, 2011) and EN 50159 (CENELEC, 2010). In Neglia et al. (2016), an actual implementation of a moving-
block system for metro is considered, modeling the periodic communication between an on-board controller and an external
ground controller. As typical in the literature on the ERTMS/ETCS-L3, except for (Carnevali et al., 2015), the approach focuses
on the steady-state rate of train stops due to communication failures, which is evaluated through a closed-form expression
under the simplifying assumption of independent packet losses.

In this paper, we characterize the first-passage time distribution to an emergency brake due to communication failures in
the ERTMS/ETCS-L3. To this end, we exploit non-Markovian modeling to account for the regular quasi-periodic sequencing of
cell borders, showing that handovers experienced by a pair of chasing trains are dependent events that periodically affect the
communication availability (Section 3). Solution is achieved by combining analytic evaluation of failures due to burst noise
and connection losses with transient analysis of an approximate model that accounts also for failures due to handovers (Sec-
tion 4), leveraging Stochastic Time Petri Nets (STPNs) (Vicario et al., 2009) for model specification and the method of stochas-
tic state classes for its analysis (Horvath et al., 2012). Given that behavior is recurrent over the hyper-period of the processes
of message generation and cell border arrival, stochastic analysis within two hyper-periods is sufficient to derive an upper
bound on the first-passage time distribution to an emergency brake over a time interval of arbitrary duration. A sensitivity
analysis is performed with respect to different system parameters, supporting selection of a convenient headway in a trade-
off between stop probability and line capacity/throughput (Section 5). Finally, we draw conclusions and discuss next steps
(Section 6).

To make the paper self-contained, we recall STPNs and stochastic state classes (Section 2), and, for readability, we report
proofs in the Appendix (Section A).
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2. Preliminaries
2.1. Stochastic Time Petri Nets

An STPN is a tuple (P,T,A”,A",my,F,W,E,U) where: P is the set of places; T is the set of transitions; A~ CP x T and
A" CT xP are the sets of precondition and postcondition arcs, respectively; my:P — N is the initial marking;
F:T — [0,1)54T associates each transition t with a Cumulative Distribution Function (CDF) F(t) : [EFT,,LFT,] — [0, 1],
where EFT; € Q.o and LFT; € Q- U {oo} are the earliest and latest firing time, respectively; W : T — R., associates each tran-
sition with a weight; E and U associate each transition t with an enabling function E(t) : N* — {true, false} and an update
function U(t) : N* — NP, which associate each marking with a boolean value and a new marking, respectively.

A place p is an input or an output place for a transition t if (p,t) € A~ or (t,p) € A", respectively. A transition t is immediate
(IMM) if EFT, = LFT, = 0 and timed otherwise; a timed transition t is exponential (EXP) if F;(x) = 1 — e~ over [0, oo] with
A € R.o, and general (GEN) otherwise; a general transition t is deterministic (DET) if EFT, = LFT, > 0 and distributed otherwise;
for each distributed transition t, we assume that F; is the integral function of a Probability Density Function (PDF) f,, i.e.,
Fi(x) = [y f:(v)dy. IMM, EXP, GEN, and DET transitions are represented by thin black, thick white, thick black, and thick gray
bars, respectively; enabling functions, update functions, and weights are annotated next to transitions as “? expression”,
“place = expression”, and “weight = value”, respectively.

The state of an STPN is a pair (m, ), where m is a marking and 7 : T — R associates each transition with a time-to-fire. A
transition is enabled by a marking if each of its input places contains at least one token and its enabling function evaluates to
true; an enabled transition t is firable in a state if its time-to-fire is equal to zero. The next transition t to fire in a state
s = (m, 1) is selected among the set of firable transitions T with probability W (t)/3", ;. W(t;). When ¢ fires, s is replaced

with s’ = (m’, v'), where:

e m' is derived from m by: removing a token from each input place of t, which yields an intermediate marking mnyp; adding
a token to each output place of t, which yields a second intermediate marking my,,,; and, applying the update function
U(t) to my,,;

e 7' is derived from 7 by: (i) reducing the time-to-fire of each persistent transition (i.e., enabled by m, mn, and m’) by the
time elapsed in s; (ii) sampling the time-to-fire of each newly-enabled transition ¢, (i.e., enabled by m’ but not by mm,;)

according to F;,; and (iii) removing the time-to-fire of each disabled transition (i.e., enabled by m but not by m’).

In general, the marking process underlying an STPN is a Generalized Semi-Markov Process (GSMP) (Haas, 2006) where all
times-to-fire run with the same speed and token moves are deterministic.

An STPN is a fully stochastic model: given an initial distribution for the vector of times-to-fire 7, the STPN identifies a
unique probability space (Q, F,P), where the set of outcomes 2 includes all and only the feasible timed firing sequences
of the model. By disregarding the stochastic parameters F and W, the STPN (P,T,A™,A",my, F, W, E, U) identifies an underly-
ing non deterministic model (P, T,A”,A", my, E, U), which comprises an instance of the Time Petri Net (TPN) formalism (Lime
and Roux, 2003; Berthomieu and Diaz, 1991) and whose set of feasible timed firing sequences coincides with Q.

2.2. Analysis based on the method stochastic state classes

The method of stochastic state classes (Vicario et al., 2009; Horvath et al., 2012) permits the analysis of STPNs with mul-
tiple concurrent GEN transitions. Given a sequence of firings, a stochastic state class encodes the marking and the joint PDF of
the times-to-fire of the enabled transitions and the absolute elapsed time 7,g. Starting from an initial stochastic state class,
the transient tree of stochastic state classes that can be reached within a time ty.x is enumerated, enabling derivation of
continuous-time transient probabilities of markings (forward transient analysis), i.e., p,,(t) := P{M(t) = m} V0 < t < tmax,
v'm e M, where {M(t), t > 0} is the marking process describing the marking M(t) of an STPN for each time t > 0 and M
is the set of reachable markings.

If the STPN always reaches within a bounded number of firings a regeneration, i.e., a state satisfying the Markov condition,
its marking process is a Markov Regenerative Process (MRP) (Choi et al., 1994), and its analysis can be performed enumer-
ating stochastic state classes between any two regenerations. This results in a set of trees that permit to compute a local and
a global kernel characterizing the MRP behavior, enabling evaluation of transient marking probabilities through the numer-
ical solution of Markov renewal equations (regenerative transient analysis). Trees also permit to compute conditional proba-
bilities of the Discrete Time Markov Chain (DTMC) embedded at regenerations and the expected time spent in any marking
after each occurrence of any regeneration (Martina et al., 2016), supporting derivation of steady-state marking probabilities
according to the Markov renewal theory (regenerative steady-state analysis).

While stochastic state classes support quantitative evaluation of an STPN model, the set Q of behaviors of the STPN can be
identified with simpler and more consolidated means through non-deterministic analysis of the underlying TPN model. In
this case, the state space is covered through the method of state classes (Berthomieu and Diaz, 1991; Vicario, 2001; Dill,
1989; Lime and Roux, 2003), each made of a marking and a joint support for 7,e and the times-to-fire of the enabled tran-
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sitions. In this approach, enumeration of state classes starting from an initial marking provides a representation for the con-
tinuous set of executions of an STPN, enabling verification of qualitative properties of the model, e.g., guarantee, with cer-
tainty, that a marking cannot be reached within a given time bound (non-deterministic transient analysis).

The ORIS Tool (ORIS Tool; Carnevali et al., 2011) efficiently implements the method of stochastic state classes, including
regenerative transient, regenerative steady-state, and non-deterministic analyses.

3. Quantitative modeling of communication failures

In the communication between an RBC and a pair of trains, a PR sent by the foregoing train to the RBC and the correspond-
ing MA sent by the RBC to the chasing train comprise an end-to-end message. Transient failures of the GSM-R may cause the
loss of end-to-end messages, impairing the up-link transmission of PRs or the down-link transmission of MAs, due to three
causes identified in the ERTMS/ETCS specification:

e burst noise causing temporary unavailability of the communication link;

e connection losses due to transient failures of devices;

e handovers between the communication areas of neighboring Base Transceiver Stations (BTSs), occurring when a train
reaches the border of a GSM-R cell.

When multiple consecutive end-to-end messages are lost, the MA of the chasing train is not updated and an emergency
brake may occur even when the trains are at safe distance. The maximum number M of consecutive losses that can be tol-
erated before an emergency brake depends on the headway distance s, between trains, on their nominal speed 7, and on the
signalling period Tp, in the generation of PRs:

Sh = Sp+ (M+2) T v (1)

where s, is the minimum braking distance, and (M + 2) Tryg v is the distance covered by the chasing train since the times-
tamp of the PR of the last successful end-to-end transmission, i.e., the time when the foregoing train started the integrity
check reported in that PR. For any given values of Tr and v, a greater s, reduces capacity but makes signalling immune
to a larger number M of consecutive losses.

In this section, the three causes of failure are characterized through separated STPN models, and their impact on the com-
munication availability is finally composed with an STPN model of generation and transmission of PRs and MAs. Stochastic
parameters are derived following the methodology of Zimmermann and Hommel (2003, 2005), with some changes reflecting
amendments introduced in the evolution of the ERTMS/ETCS specification (ERA, 2016, 2014; AA.VV., 2005). While models
will be instantiated on selected significant values, parameters can be varied so as to cover most of the specification, under
two restrictions that become crucial for the feasibility of the applied solution technique. The first restriction guarantees that,
when the foregoing train generates a PR, the last MA sent by the RBC has already been delivered to the chasing train or lost.

Hypothesis 1. The delay 7 from the dispatch of a PR by the foregoing train until the receipt of the corresponding MA by the
chasing train is not greater than the PR generation period Tpmsg.

Given that T < 5.56 s and T € [5,12] s (Zimmermann and Hommel, 2003, 2005), the restriction rules out the cases
with T € [5,5.56] s, but still covers most of the specification range with T € [5.56,12]s. With typical speed

v =300km h™" and braking distance s, = 3 km (Zimmermann and Hommel, 2003, 2005), and with Tre = 6 s equal to the
minimum integer satisfying Hypothesis 1, the number of tolerated losses M turns out to be 2 if s, € [5,5.5) km, 3 if
sn € [5.5,6) km, and 4 if s, € [6,6.5) km. Note that, according to Hypothesis 1, the delay from the timestamp of a PR until
the receipt of the corresponding MA, usually termed packet age (Zimmermann and Hommel, 2003, 2005), is at most 2 Ts.

The second restriction guarantees that the variability in the size of GSM-R cells is not such that one of the two trains can
encounter two handovers while the other one remains within the same cell.

Hypothesis 2. The time Tgrs needed to cover the minimum distance sgrs between two consecutive BTSs is not lower than the
time Ty, needed to travel the headway distance s, plus a time T, needed to establish a connection with the next BTS after a
cell handover, plus a random time jitter 7; needed to cover a variable distance s; accounting for the possibly not regular
displacement of BTSs, i.e., Ty, + Tj + Trec < Tprs.

The latter restriction is satisfied in most of the range of variability of parameters in the actual practice. Based on
Zimmermann and Hommel (2003, 2005) and ERA (2014), we consider T, = 0.5s and sgrs = 7 km. With typical speed
v=300kmh™' and headway sy, € [5, 6] km, we obtain Tgrs = Sprs/? = 84 s and Ty, = s/ v € [60,72] s. To satisfy Hypothesis
2, we consider jitter t; € [0,10] s, which corresponds to s; = v 7; € [0,0.83] km, representing variations in BTS displacement
in the order of 10% of sgrs. For a comparative study with respect to nominal parameter values, in the experiments we con-
sider values of » within the range [200,300] kmh™', without violating Hypothesis 2 while still allowing a margin
sj =€ [0,0.83] km.
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3.1. Model of burst noise

As in Zimmermann and Hommel (2003, 2005), GSM-R failures due to burst noise are represented using the Gilbert-Elliot
model, which alternates availability and burst periods of exponential duration. The model is represented by the STPN in
Fig. 1, where the EXP transitions startBurst and endBurst represent the arrival and the termination of a burst, respec-
tively. In AA.VV. (2005), the arrival time of bursts is prescribed to be (i) larger than 20 s in 95% of the cases and (ii) larger
than 7 s in 99% of the cases, while the duration of bursts is prescribed to be (iii) lower than 0.8 s in 95% of the cases and (iv)
lower than 1 s in 99% of the cases. According to this, rate Ay, = 0.002565 s~ is safely defined so as to fit requirement (i),
yielding an EXP random variable Ty Stochastically smaller than the EXP random variable 7{ . with rate
Jourse = 0.001436 571 that would fit requirement (ii), i.e., P{Tourst < X} = P{T}, <X} VX € [0,00). In a similar manner,
Upuese = 37446 s71 is safely selected so as to fit requirement (iii), yielding an EXP random variable vy Stochastically larger
than the EXP random variable v, ., with rate puj . =46051s"1 that would fit requirement (iv), i.e,
P{Vpurst < X} < P{V} ;e <X} VX €[0,00).

While other distributions could be applied to fit the specification, for instance continuous phase-type distributions
(Horvath et al., 2000; Longo and Scarpa, 2009), in this specific model EXP distributions achieve a good trade-off between
effectiveness and simplicity of approximation.

3.2. Model of connection losses

A connection loss takes some time to be detected and re-established, and it must be canceled and re-tried if it is not suc-
cessful within a predefined timeout. Following Zimmermann and Hommel (2003, 2005), this behavior is represented by the
STPN in Fig. 2, where: connection losses are assumed to occur with exponential inter-arrival times, represented by the EXP
transition Loss with rate s = 2.77 x 1078 s-1, fitting the requirement that the probability of a connection loss per hour be
not larger than 107%; and, the detection delay is represented the DET transition indicate, fitting the worst case detection
dEIay Tindicate =1s.

According to AA.VV. (2005): the timeout is modeled by the DET transition fai1, fitting the worst case timeout Tg,; = 10 s
prescribed by the specification; and, the result in each trial is represented by the IMM transitions estP and failP, with
weights set equal to 0.9999 and 0.0001, respectively, so as to fit the worst case success probability 0.9999 prescribed by
the specification.

Finally, the reconnection time in case of success shall be (i) less than 5 s in 95% of the cases and (ii) less than 7.5 s in 99%
of the cases (AA.VV. 2005). These prescriptions are safely modeled by the EXP transition connect with rate
Jcomnect = 0.5991 s~ fitting requirement (i), yielding an EXP random variable stochastically larger than the one with rate
Vi =0.6140s! that would fit requirement (ii).

connect

3.3. Model of cell handovers

BTSs are installed at regular distance typically every sgrs = 7 km (ERA, 2014), in normal operating conditions trains travel
at approximately constant speed, and railway lines are nearly straight. According to this, disconnections due to cell han-
dovers occur in a quasi periodic manner, at different times for the foregoing and the chasing train. To capture the quasi peri-
odic structure of this behavior, the arrival of handovers at the foregoing train is represented as a periodic process with jitter,
with an initial phase offset, while the arrival at the chasing train is modeled so as to occur after a delay corresponding to the
time spent to cover the headway. Specifically, the period Tgrs = 84 s is defined so as to fit the time spent to traverse a cell

SN ) I

startBurst
EXP(0.002565)

Ok @ Ko
o D J

endBurst
EXP(3.7446)

Fig. 1. STPN model of communication failures due to burst noise (time expressed in s).
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LossIndication

M () M M
L / 5 5

loss indicate fail

EXP(0.0000000277) DET(1) DET(10)
Connected Offline EstFail
establish
! M O 0 0 J

L | |

connect estp failp

EXP(0.5991) weight = 0.9999 weight = 0.0001

Fig. 2. STPN model of communication failures due to connection losses (time expressed in s).

with size sgrs = 7 km at speed » = 300 km h™'; the jitter adds a uniform delay after the start of each period so as to repro-
duce the variability in the distance between consecutive BTSs; the initial offset is a deterministic value; and, though being a
random variable in practice, also the headway delay is modeled as a deterministic value, so that it can be varied (with the
initial offset and the nominal speed) in a parametric evaluation, providing better insight on the sensitivity of the ERTMS/
ETCS-L3 performance.

The model is represented by the STPN in Fig. 3. A token in places Handoverg and Handovere means that the foregoing
train and the chasing train are disconnected for a handover, respectively; the handover of the chasing train occurs with a DET
delay after the handover of the foregoing train, represented by transition headway whose duration T}, corresponds to the
time spent to cover the headway s;; for each train, reconnection occurs after a DET delay represented by transitions recon-
nectg and reconnect, respectively, fitting the maximum allowed reconnection time of 0.3 s (Zimmermann and Hommel,
2003, 2005). The firing of transition ce11Borders Or o ffsets brings a token in place Jitter, representing the arrival of the
foregoing train at the nominal point of a cell border; the actual arrival occurs after a random jitter, modeled by the uniformly
distributed transition jitter. The DET transition o f fset¢ fires only once and accounts for the first arrival at a nominal cell
border after a delay Og; whereas, transition cel1Borderg has no input places and thus fires periodically every 84 s starting
from the first arrival, which empties place 0ffsetg and thus sets true the enabling function ?0f fsetg-o.

3.4. Composed model

The STPN of Fig. 4 represents the periodic generation of PRs by the EVC of the foregoing train, the subsequent transmis-
sion to the RBC, and then the transmission of the MA from the RBC to the EVC of the chasing train, following the commu-
nication model of Zimmermann and Hommel (2003, 2005): the DET transition genMsg with value Ty, models the
periodic execution of integrity checks by the foregoing train and the consequent PR transmission to the RBC; the DET tran-
sition rbe accounts for the maximum time Tggc = 0.5 s that PR processing at the RBC is supposed to take; and, the GEN tran-
sitions transmitUp and transmitDown represent the time 7y, spent to send PRs from the foregoing train to the RBC and
MAs from the RBC to the chasing train, respectively, and they are associated with a piecewise uniform distribution over the
intervals [0.55,0.65) s, [0.65,1.35) s, and [1.35,2.55) s, with probability 0.95, 0.04, and 0.01, respectively, derived by over-
approximating the actual transmission time of a PR/MA with 0.15 s and by fitting the specification that the transmission
delay of a PR/MA is between 0.4 s and 0.5 s on average, less than 0.5 s in 95% of the cases, less than 1.2 s in 99% of the cases,
and less than 2.4 s in 99.99% of the cases (Zimmermann and Hommel, 2003, 2005). Specifically:

D () () D
\_/ o/
cellBordery | Jitter jitter Handovers reconnects
DET(84) UNIF([0, 10]) DET(0.3)

?0ffsetsy = 0

©O—1 O——O—

Offsety offsety Headway headway Handover., reconnectc
DET(Ox) DET(Th) DET(0.3)

Fig. 3. STPN Model of communication failures due to cell handovers for train speed v =300 km h™' (time expressed in s). Transition headway takes a
deterministic value T}, € [54,72] s and transition offsety takes a deterministic value Og € [0,84 — T] s.
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SendingUp Process SendingDown
—/
genlMsg transmitUp rbc transmitDown
DET(6) PIECEWISE-UNIF DET(0.5) PIECEWISE-UNIF
| |
failureUp failureDown
?Handovers = 1 ?Handover. = 1
V KOft =1 V KOCL =1
\V Connecteds = 0 \/ Connected¢ = 0

Fig. 4. STPN model of end-to-end message processing and transmission (time expressed in s). Transitions transmitUp and trasmitDown have a piecewise
uniform PDF defined in Eq. (2). The enabling functions of transitions failureUp and failureDown compose the STPN with the models of disconnections
due to burst noise (Fig. 1), connection losses (Fig. 2), and handovers (Fig. 3), for the up-link and down-link communication (with places and transitions
subscripted as “ft” and “ct”, respectively).

9.5 if 0.55 < x < 0.65
0.057143 if 0.65<x<1.35
0.008333 if 1.35<x<2.55
0 otherwise

(2)

ftransmitUp(x) :ftransmiwown(x) =

The IMM transitions failureUp and failureDown account for losses occurring in the down-link and up-link connec-
tion, respectively. The enabling functions on the IMM transitions, “?Handoverg = 1V Kog = 1V Connectedy = 0” for the
uplink and “?Handovers = 1 VKo = 1V Connectedy = 0” for the downlink, compose the STPN with the models of Figs. 1-
3 characterizing the times of unavailability of the connection due to burst noise, connection losses, and handover disconnec-
tions, respectively. In so doing, the IMM transition failureUp models the loss of a PR due to a failure in the communication
from the foregoing train to the RBC, caused by the crossing of a cell border by the foregoing train (represented by a token in
place Handoverg) or due to a burst of noise in the up-link communication (represented by a token in place Kog) or due to a
connection loss in the up-link communication (represented by the absence of a token in place Connectedy). In a similar
manner, the IMM transition failureDown models the loss of a MA due to a failure in the communication from the RBC
to the chasing train.

4. Quantitative evaluation of communication failures

We characterize the first passage time distribution p(M, t) of the event Ey that M consecutive end-to-end messages are
lost, due to a failure in the up-link transmission of a PR from the foregoing train to the RBC or in the down-link transmission
of an MA from the RBC to the chasing train:

p(M,t) := P{Ey occurs within [0,t)} (3)

To simplify the derivation, we evaluate the probability ¢(M, k) that Ey occurs within the time interval [0, k Ty ), i.€., within
the time instant that precedes the dispatch of the PR of the (k + 1)-th end-to-end message by the foregoing train:

$(M, k) := P{Ey occurs within [0,kTs)} = p(M, kTpe) (4)

Values of ¢(M, k) provide a bounded approximation of p(M, t) for any t € R0, given that:

o)) o <ofu )

Note that the laxity of the bound of Eq. (5) is practically negligible due to the fact that, by design, the expected time of Ey is
significantly larger than Tys,.

In principle, ¢(M, k) might be evaluated by directly solving the flat model that integrates the STPNs of Figs. 1-4. However,
stochastic transient analysis implemented in the ORIS Tool (ORIS Tool), either forward or regenerative, would not be prac-
tically feasible due to the complexity of behaviors resulting from multiple concurrent GEN timers with overlapping activity
intervals. This complexity is also evident from the results of non-deterministic analysis of the underlying TPN, which was
stopped after the enumeration of more than 300,000 state classes, including at least two enabled GEN transitions in each
class and allowing an unbounded number of firings without encountering a regeneration in each feasible behavior.

Moreover, approaches based on the approximation of GEN transitions, either completely exploiting phase-type distribu-
tions (Horvath et al., 2000; Longo and Scarpa, 2009), or allowing at most one expolynomially distributed timer in each mark-
ing (Lindemann and Thiimmler, 1999), appear not well suited due to the many concurrent GEN transitions with firmly
bounded support. Though avoiding model approximation, stochastic simulation would suffer the different order of
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magnitude of durations, the presence of rare events, and the need to perform the evaluation for a time span covering the
transmission of M consecutive end-to-end messages. This complexity was already addressed in Zimmermann and
Hommel (2003, 2005) for a model with a simpler structure, requiring rare-event simulation to derive measures of interest.

Given that burst noise, connection losses, and cell handovers are due to independent physical phenomena, their impact
on the GSM-R communication can be separately assessed. To this end, communication unavailability due to each failure type
is evaluated either analytically or exploiting numerical solution of the corresponding STPN model by the method of stochas-
tic state classes implemented in the ORIS Tool; note that the above mentioned approaches (Horvath et al., 2000; Longo and
Scarpa, 2009; Lindemann and Thiimmler, 1999) could be applied as well to solve the individual STPN model of each failure
type, though approximation of GEN transitions would require to achieve a trade-off between result accuracy and computa-
tional complexity. Evaluation will show that: multiple losses due to burst noise can be regarded as independent events (Sec-
tion 4.1); the effect of connection losses on the communication availability is negligible with respect to the impact of burst
noise (Section 4.2); and, for values of M with practical relevance, no more than 2 out of M consecutive end-to-end messages
can be lost due to handovers, so that at least M — 2 out of M consecutive failures are due to burst noise or connection losses
(Section 4.3). Combination of all these results enables a compositional strategy for feasible and accurate evaluation of the
first passage time distribution to an emergency brake due to any cause of communication failure (Section 4.4).

4.1. Burst noise
Losses of end-to-end messages due to burst noise can be accurately approximated as independent events:

Lemma 4.1. For any set of m not necessarily consecutive end-to-end messages, the probability that burst noise causes the loss of
all the m end-to-end messages is:

pburst(m) = {)nurst (6)

where Py is the probability that burst noise causes the loss of a single end-to-end message.
In turn, Py is derived from the probability Py purse that burst noise impairs the up-link or the down-link transmission:

Lemma 4.2.

2
Pburst = 2Plink,burst - Plink‘burst (7)

where Piinkpurst 1S the probability that burst noise impairs either the up-link or the down-link transmission, and it can be upper-
bounded as:

Aburst L+ HMoust (1 — e ourse MaX(Tinc) ) (8)

Piinkburst < Plink burst = -
)‘bUTSt + Hburst Apurst + :uburst

where Ty is the random variable representing the duration of message transmission up-link or down-link, distributed according to
the PDF defined in Eq. (2), so that max{Tjn} = 2.55 s is thus the maximum duration of the up-link or down-link transmission.
Finally, according to Lemmas 4.1 and 4.2, p,,(m) can be upper-bounded as:

~ ~ ~ m
pburst(m) < pburst(m) = (2 Piinicpurst — Pﬁnk.burst) (9)

To provide an intuition about the order of magnitude, by substituting values of parameters, we obtain Pourstiink = 0.00719,
which yields Ppus; = Ppursc(1) < 0.01432, ppuie(2) < 0.205 - 1072, ppue(3) < 0.294-107°, and py,r(4) < 0.421-107".

4.2. Connection losses

As opposed to burst noise, connection losses have a settling time that is not negligible with respect to the time that may
elapse between sequential PR transmissions, and losses in consecutive end-to-end message are thus positively correlated:

Lemma 4.3. The probability p,.(m) that connection losses impair the transmission of m not necessarily consecutive end-to-end
messages is upper-bounded by the probability of m consecutive losses, and can thus be estimated as:

Ploss(M) < Pross - Uq - Uioss o (M — 2)Trnsg + ) (10)
aeQ

where: P,ss is the probability that connection losses impair the transmission of a single end-to-end message;
Q = {lossIndication, establish, estFail} is the set of the considered initial markings; U, is the steady state probability of marking
q; Uioss q(t) is the transient unavailability of the radio channel due to connection losses conditioned to the hypothesis that the initial
marking of the model of Fig. 2 is q; and, é is the minimum time between two consecutive transmissions from the RBC.
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As in the case of burst noise, Py is derived from the probability P, j0ss that connection losses impair the up-link or the
down-link transmission, which are independent events referring to failures of different devices on board of the foregoing and
the chasing train:

Lemma 4.4. The probability that connection losses impair the transmission of an end-to-end message is:
2
Ploss = 2Plink,loss - Plink,loss (11)

where Pjink10ss iS the probability that connection losses impair either the up-link or the down-link transmission, and it can be upper-
bounded as:

Plink.loss < ﬁlink.loss = Uloss + (1 - Uloss) (1 — @b max{r“nk}) (12)

where U is the steady-state value of communication unavailability due to connection losses, and Ty, is the random variable
representing the duration of message transmission up-link or down-link, distributed according to the PDF defined in Eq. (2).
Finally, according to Lemmas 4.3 and 4.4, p,,.(m) can be upper-bounded:

ploss(m) < ploss(m) = (2 ﬁ]ink.loss - ﬁlzinlcloss) : Zuq : ulOSS.q((m - 2)Tm52 + 5) (13)
qeQ

Also in this case, to provide an intuition about the order of magnitude, by substituting parameter values, we obtain
Prossiink = 0.145-107%, which yields Pioss = Progs(1) < 0.289-10°%, poss(2) < 0.344-1077, pss(3) < 0.106 - 1078, and
Dioss(4) < 0.291 - 107'°, Note that, for values of interest of M comprised between 2 and 4, the probability that m out of M con-

secutive messages are not delivered to the chasing train due to connection losses is by far lower than the probability that
they are lost due to burst noise.

4.3. Cell handovers

Cell handovers are the most probable events causing the loss of an end-to-end message, as already pointed out in
Zimmermann and Hommel (2003, 2005). However, non-deterministic transient analysis of the composition of models in
Figs. 3 and 4 proves, with certainty, that no more than 2 out of M consecutive end-to-end messages can be lost due to han-
dovers for values of M with practical relevance.

The composed model is shown in Fig. 5, where the IMM transitions failureUp and failureDown of Fig. 4 are replaced
with the IMM transitions handoverUp and handoverDown, respectively, associated with enabling functions
“?Handoverg = 1” and “?Handoverys = 17, respectively, so as to remove references to the models of burst noise and connec-
tion losses, which are analyzed separately. By Hypotheses 1 and 2, the model behavior is periodic over the hyper-period HP,
defined as the least common multiple of the period Ty, of message generation and the period Tgrs of cell border arrival.
Although the model behavior repeats itself on a period of duration HP, the analysis of the model state space in the interval

model of end-to-end message processing and transmission

SendingUp Process SendingDown
D (o) I () B () I
-/ 5|
genMsg transmitUp rbc transmitDown
DET(6) PIECEWISE-UNIF DET(0.5) PIECEWISE-UNIF
— —
handoverUp handoverDown
?Handovers = 1 ?Handovers = 1

model of communication failures due to cell handovers

D () () D
N -/
cellBordery | Jitters jitter Handovery reconnecty
DET(84) UNIF([0, 10]) DET(0.3)
?0ffsety =0
O O——0—1
& -/
Offsetyg offsetyg Headway headway Handover., reconnectc
DET(O% ) DET(Th) DET(0.3)

Fig. 5. STPN model accounting for end-to-end message processing and transmission, and for communication failures due to cell handovers (time expressed
in s).
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[0, HP] would not permit to observe border effects over the start of a hyper-period, i.e., losses in a sequence of M consecutive
end-to-end messages spanning over two consecutive hyper-periods. Therefore, non-deterministic transient analysis is per-
formed over the interval [0, 2 HP] to prove that no more than 2 out of M consecutive end-to-end messages can be lost due to
handovers for M < HP/Tyg,.

Lemma 4.5. If M < HP/Tnsg, cell handovers affect at most 2 out of M consecutive end-to-end messages.

Given that HP/Tps; = 14, the hypothesis M < HP/Tms of Lemma 4.5 is largely verified for values of M with practical rel-
evance, which in fact range between 2 and 4.

4.4. Combined effect of the different causes of communication failures

We characterize the first-passage time distribution of an emergency brake triggered by the loss of M consecutive end-to-
end messages. To this end, we develop the derivation through the following steps:

o We derive an upper bound ¢(M, k) on ¢(M, k) through numerical solution of a model of message processing, transmission,
and loss, accounting for burst noise, connection losses, and cell handovers.

e We derive an upper-bound @ on the probability @ that M consecutive losses occur within a hyper-period.

o We extend the evaluation beyond a hyper-period, deriving an upper-bound $(M, H) on the first-passage probability that M
consecutive end-to-end messages are lost within H hyper-periods.

4.4.1. A model of message processing, transmission, and loss
The first-passage probability ¢(M, k) that event Ey; (i.e., the event that M consecutive end-to-end messages are lost) occurs
within the time interval [0, kTpsg) can be equivalently defined as:

¢(M, k) := P{3h € [1,k] such that Ey occurs within [(h — 1) Trsg, h Trnsg) } (14)
By the law of total probability:

k

$(M, k) => P{Ewn|~EmiVi € [1,h)} (15)
where Ey, is the event that Ey occurs within the time interval [(h — 1) Tinsg, h Tsg) (i.€., the event that the h-th end-to-end
message is the M-th end-to-end message of a sequence of M consecutively lost end-to-end messages), and —Ey, is the event
that Ey, does not occur. According to this, Ey | —En;Vi € [1,h) is the event that the loss of the h-th end-to-end message
yields the first occurrence of event Ey. This condition occurs if and only if no sequence of M consecutive end-to-end mes-
sages was lost within [0,(h—M)Tys,) and all the M —1 end-to-end messages sent within the time interval
[(h — M) Tinsg, (h — 1) Trysg) wWere lost:

Lemma 4.6. The loss of the h-th end-to-end message causes the first occurrence of Ey if and only if: (i) =Ey;Vi € [1,h — 1] and (ii)
all the M — 1 messages sent within [(h — M) Tisg, (h — 1) Tisg) Were lost.

Moreover, the successful delivery of the (h — M)-th end-to-end message is a necessary condition for the loss of the h-th
end-to-end message to yield the first occurrence of event Ey:

Lemma 4.7. The loss of the h-th end-to-end message can cause the first occurrence of Ey only if the (h — M)-th end-to-end
message was correctly delivered.

By Lemmas 4.6 and 4.7 and the results of Sections 4.1,4.2,4.3, an upper bound on ¢ (M, k) can be derived by: (i) considering
that event Ey, is yielded if cell handovers cause m < 2 losses among the M end-to-end messages sent within
[(h — M) Trnsg, h Trnsg), While burst noise or connection losses impair the remaining M — m end-to-end messages and (ii)
neglecting, for burst noise and connection losses, the conditioning that no sequence of M consecutive end-to-end messages
is lost within [0, (h — 1) Tisg):

Lemma 4.8. ¢(M, k) is upper-bounded by the following expression Vk > 0:

M k Zzphandover M h m Zpburst ploss M m— Tl) (16)

h=Mm=0

where pandover(M, h, m) = P{Hy . | Zn_y A —Em;Vi € [1,h — M]}; Hy, , is the event that m end-to-end messages are lost due to cell
handovers within [(h — M) Tmsg, hTimsg); Zn-m is the event that the (h— M)-th end-to-end message is delivered; and,
phandover(o) =1, pburst(o) =1, and ploss( ) =1



324 M. Biagi et al./ Transportation Research Part C 82 (2017) 314-336

By Lemma 4.8, an upper-bound ¢(M, k) on ¢(M, k) can be conveniently evaluated through numerical solution of a model
that extends the STPN of Fig. 5 with M places acting as watch variables that keep memory of which among the last M end-to-
end messages have been lost due to cell handovers. Without loss of generality, Fig. 6 shows the model for M = 4:

e Place Wy models the watch variable associated with the last end-to-end message: it is empty if the message has been lost,
and it contains a token otherwise (i.e., if neither the PR nor the MA of that end-to-end message have been lost, though
they may have not been delivered yet).

Place Wn,, with m € [1,M — 1], represents the watch variable associated with the (m + 1)-th to last end-to-end message: it
is empty if the message has been lost, and it contains a token otherwise (i.e., if both the PR and the MA of that end-to-end
message have been correctly delivered).

At each PR generation, the update function of genlMsg (i.e., “Wy_1 = Wy_2,...,W; = Wo,Wo = 1”) assigns the marking of
places Wp, ..., Wy_» to places Wy, ..., Wy_1, respectively, and assigns a token to place Wy, loosing memory of whether the
(M + 1)-th to last end-to-end message has been delivered or lost, and starting to keep memory of the last end-to-end
message. Whenever a handover impairs the up-link or the down-link transmission, the update function of
handoverUp and handoverDown (i.e., “Wy = 0”) flushes the watch variable place referring to the last end-to-end mes-
sage.

Hence, in any marking n € M where M is the set of reachable markings of the model, the number of end-to-end messages
lost due to handovers among the last M end-to-end messages is:

m :M—Afn(wj) (17)
j=0

When an end-to-end message is delivered or lost due to a handover, a token arrives in place Check (through the post-
condition arc from transmitDown to Check or through the update function “Check =1” of handoverUp and
handoverDown), enabling the IMM transitions failure and noFailure. These transitions have weight fand 1 —f,
where f is the probability that M — m out of the last M end-to-end messages are lost due to burst noise or connection
losses, not conditioned on the assumption that no sequence of M consecutive losses occurred before:

model of watch variables
Wo W1 Wo W3

model of end-to-end message processing and transmission

SendingUp Process SendingDown CheckFailure
D (o) I () M ) I I
N 5

genMsg transmitUp rbc transmitDown noFailure
DET(6) == pIECEWISE-UNIF DET(0.5) == pIECEWISE-UNIF weight =1 — f
Ws = Wy handoverUp handoverDown
W, = W; 7Handoverp =1 ?Handoverq; = 1 failure
Wi = W, CheckFailure =1 Y CheckFailure = 1 =0

Wo = 1 Wo=0 @ Wo =0 Failure O weight = f
¢ = maz{0,C — 1}

model of communication failures due to cell handovers

D () () D
_/ /
cellBordery | Jitter jitter Handovery reconnecty
DET(84) UNIF([0, 10]) DET(0.3)

70ffsety, = 0

©— O—"F—0O—
5 o/
Offsets offsets Headway headway Handover.; reconnectcg
DET (Ot ) DET(Th) DET(0.3)

Fig. 6. STPN model of end-to-end message processing, transmission, and loss, including M = 4 places Wy, ..., Ws; keeping memory of the number m of end-
to-end messages that were lost due to handovers among the last M messages (see Eq. (17)), and with two IMM transitions failure and noFailure with
weight fand (1 — f) (see Eq. (18)), respectively, over-approximating the probability that the remaining M — m messages were lost due to burst noise or
connection losses (time expressed in s).
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f Zpburst ploss M m— Tl) (18)

Note that transition failure cannot fire before the PR of the M-th end-to-end messages has been generated: in fact,
failure is enabled only if place C is empty; place C contains M — 2 = 2 tokens in the initial marking; and, transition
genMsg reduces by one the number of tokens in C at each firing, until the place is empty (through the update function
¢ = max{0,C — 1}).

By Hypotheses 1 and 2, the model reaches a regeneration within a bounded number of firings at least at the end of each
hyper-period. According to this, the model can be analyzed through regenerative transient analysis with absorbing condition
Failure = 1, reducing the evaluation of the probability measure of paths that encounter M consecutive losses within
[0,kTmsg) to the evaluation of the probability measure of any marking such that place Failure contains a token at time
(kTmsg) ™ :

SM. k) = 3 pi((KTug) ) (19)

iem?

where M is the set of reachable markings of the model that satisfy the absorbing condition Failure =1, and (kTmsg) i
the time instant that precedes the dispatch of the PR of the (k + 1)-th end-to-end message.

4.4.2. Evaluation within a hyper-period
We define @ as the probability that M consecutive end-to-end messages are lost within a hyper-period of duration HP,
normalized with respect to the probability of behaviors within a hyper-period. To take into account border effects over
the start of a hyper-period, @ can be conveniently expressed as a function of probabilities ¢(M, k) computed on the second
hyper-period [HP,2 HP]:
2HP HP
= ¢ (M7 Tmsg) ¢ <M7 Tmsg) (20)
1-— ¢ (M HP >

? Tmsg

Given that transient probabilities of markings of the model shown in Fig. 6 within the time interval [HP, 2 HP] are not con-
ditioned by the initial values of watch variables (Lemma 4.9 and Corollary 4.1), an upper bound on & can be derived from
probabilities ¢(M, k) for k € [HP/T nsg, 2HP/Tinsg], which can be computed through regenerative transient analysis of the
model up to time 2HP (Lemma 4.10).

Specifically, at multiples of Ty, the marking of places Wy_»,...,Wo is assigned to places Wy_1, ..., W;, respectively, and a
token is assigned to place W, loosing memory of the previous marking of place Wy_;. In so doing, for any time t, > 0 and
k € N s.t. k < M, memory of the marking of places Wy, ..., Wy_1 at time t; is lost at time [to/Tmsg] Tmsg + k Trnsg:

Lemma 4.9. Vty > 0,Vke Ns.t. k<M,Vm e MP\qul,Vw € Mgmfl :

k-1
P{MP\%I (t) =m|Mgu1 (to) = w} = P{M,,\%l (t) = m} (21)

where t > ([to/Tmsg] + 1) Tmsg + kTmsg; Q' = {W,—}j’ﬁjl ifie Ns.t.i<M; @4 = &5; Pis the set of places of the model shown

1
in Fig. 6; and, Mg is the set of reachable markings for places in Q CP.
As a consequence of Lemma 4.9, transient probabilities of markings of the model shown in Fig. 6 at any time t > HP are
not conditioned by the initial values of watch variables:

Corollary 4.1. Vt > HP,Ym € M,Yw € M%ﬂ,lz

P{Mp(t) = 1| Mgy 1(0) = w} = P{Mp(t) = m} (22)

As a consequence of Corollary 4.1, values of ¢(M, k) for any k > HP/T s, are not conditioned by the initial values of watch
variables, and can be used to derive an upper bound on @:

Lemma 4.10. An upper-bound & < ® can be computed as:

o) -5(0.1)

Tmsg ) TmSS

1- &(M, r'ffg)

Furthermore, for each scenario f = (Hm, Bn, Lu_m_n) Where a sequence of M consecutive losses is caused by m failures due

to cell handovers (with m < M), n failures due to burst noise (with n < M — m), and M — m — n failures due to connection
losses, the contribution of f to @ can be easily evaluated as:

@ =

(23)
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éf _ l/’(m) 'pburst(n) . ploss(M —m- Tl)
Ey;)mpburst(n) * Dioss (M —m-— Tl)

where (m) is the probability that m messages are lost due to handovers within a hyper-period of duration HP, normalized
with respect to the probability of behaviors spanning over a hyper-period:

Tiewp () ) - Cewp () )
h 1- J)(M H")

> Tnsg

(24)

¥(m) (25)

where in turn, M, is the set of reachable markings of the model shown in Fig. 6 that satisfy the absorbing condition
Failure =1A Z?ﬁglwi =M-m.

4.4.3. Evaluation beyond a hyper-period

Due to the periodic behavior of the model of Fig. 6, an upper-bound (M, H) on the probability that M consecutive end-to-
end messages are lost within H hyper-periods can be derived as:
- { 0 ifH=0

B(M,H) = BM,H-1)+(1-pMH-1))-® if H>0 (26)

Specifically, B(M,H) is derived as the probability that M consecutive end-to-end messages are lost within H — 1 hyper-
periods (i.e., B(M,H — 1)) plus the probability that M consecutive end-to-end messages are not lost within H — 1 hyper-
periods and are then lost during the H-th hyper-period (i.e., (1 — f(M,H — 1)) - ®). Solving the recurrence of Eq. (26) yields
a geometric distribution with parameter &:

BMH) =1—-(1— )" 27)

where @ is derived through regenerative transient analysis of the model Fig. 6 within the interval [0, 2 HP], as illustrated in
Section 4.4.2. In so doing, Eq. (27) yields an upper-bound on the first-passage probability of M consecutive message losses
over a time interval of arbitrary duration, which can be computed without the need to extend regenerative transient analysis
of the model Fig. 6 beyond the time limit 2 HP.

Moreover, the result of Eq. (27) also permits to evaluate an upper-bound psop 0n the long-run probability py,, that a train
is stopped due to an emergency brake:

= Trecovery
Pst < pstop i (28)
stop Trecovery ~+ Tbrake

where Tprake = HP/&> is the average time to the next emergency brake, computed as the mean value of the geometric distri-
bution of Eq. (27), and Trecovery is the average time needed to restart the train after an emergency brake, which is considered
equal to 15 min in Zimmermann and Hommel (2003, 2005).

5. Experimental evaluation

A sensitivity analysis is performed with respect to: the train speed v; the headway delay T}, between trains; and, the offset
Oy of the foregoing train at the first cell border. Note that v and T}, comprise dependent parameters, possibly under the con-
trol of railway operators; however, for each value of v, there is a narrow range of reasonable values for T}. According to this,
to provide better insight on the system behavior, in the sensitivity analysis we take into account also the number M of con-
secutive communication failures triggering an emergency brake, regarding T, as the headway delay that tolerates a given
number of consecutive losses.

In the following, we present results of the evaluation during a hyper-period (Section 5.1) and during a time interval of
arbitrary duration (Section 5.2), assuming train speed » = 300 km h™' in both cases; then, we present results obtained for
different values of train speed (Section 5.3) To this end, the approach combines analytic evaluation with numerical solution
of STPN models presented in Section 3. Specifically:

e we derive f(M,H) and Py (i.€., upper-bound on the first-passage probability that M consecutive losses occur within H
hyper-periods and on the long-run probability that a train is stopped due to an emergency brake, respectively) from &
(i.e., upper bound on the probability that M consecutive end-to-end messages are lost within a hyper-period) according
to Egs. (27) and (28), respectively;

e in turn, @ is computed according to Eq. (23) using ¢(M, HP/Tysg) and ¢(M, 2 HP/T ) (i.€., upper bound on the probability
that M consecutive losses occur within [0, HP Tr) and within [0, 2 HP Tp), respectively), which are derived according to
Eq. (19) from transient marking probabilities of the STPN of Fig. 6, computed by regenerative transient analysis of the
model through the ORIS Tool;



M. Biagi et al./ Transportation Research Part C 82 (2017) 314-336 327

e moreover, the weights of the IMM transitions failure and noFailure in the STPN of Fig. 6 are computed according to
Eq. (18) from Ppyrt(m) (i.e, upper bound on the probability that m not necessarily consecutive end-to-end messages are
impaired by burst noise) and pj,ss(m) (i.e, upper bound on the probability that m not necessarily consecutive end-to-end
messages are impaired by connection losses);

o finally, pyust (M) is derived according to Eq. (9) from stochastic parameters of the STPN of Fig. 1, while pjoss(m) is derived
according to Eq. (13) from steady-state and transient marking probabilities of the STPN of Fig. 2, which are computed by
performing regenerative steady-state analysis and regenerative transient analysis through the ORIS Tool, respectively.

Experiments were performed on a single core of a 2.67 GHz Intel Xeon E5640 with 32 GB RAM.

5.1. Evaluation of communication failures during a hyper-period with train speed v = 300 km h™’

Regenerative transient analysis of the model of message processing, transmission, and loss shown in Fig. 6 is performed
using parameters introduced in Section 3.3, which are also recalled here for convenience: message generation period
Tmsg = 6's; RBC processing time Tggc = 0.5 s; time Tgrs = 84 s spent to cover the minimum distance between neighboring
BTSs; time T = 0.3 s needed to establish a connection with the next BTS after a handover; random transmission time
Tiink, distributed over [0.55.2.55]s according to the PDF of Eq. (2); and, random jitter 7; uniformly distributed over
[0,10] s, accounting for the possibly not regular displacement of BTSs. In addition, the analysis is performed for different val-
ues of:

o the number M of consecutive losses causing an emergency brake, typically comprised between 2 and 4;

e the time T}, needed to cover the headway distance sy, which takes values according to Eq. (1);

o the offset Oy representing the minimum time after which the foregoing train crosses the first nominal cell border, which
takes values within the interval [0, Trs) SO as to account for any possible synchronization delay between the period Tpsg
of message generation and the period Tprs of cell border arrival.

Specifically, for each value of Oy within the set {0,1,2,3,4,5} s, the analysis is repeated for M = 2 and T}, € {60,62,64} s
(corresponding to s, € {5,5.17,5.33} km, respectively) M=3 and T,¢c {66,68,70}s (corresponding to
Sh € {5.5,5.67,5.83} km, respectively), M = 4 and T, = 72 s (corresponding to s, = 6 km). Note that values of T}, larger than
72 s are not considered not to violate Hypothesis 2.

Table 1 shows the upper-bound & on the probability that M consecutive losses occur within a hyper-period, computed
through Eq. (23). Results show that, regardless of the value of Oy, & decreases by one order of magnitude as M increases
by 1, which, according to Eq. (5), corresponds to an increase of 6 s of Ty, and to an increase of 0.5 km of s,; specifically, &
is in the order of 107", 1072, and 1073 for M equal to 2, 3, and 4, respectively. Moreover, for assigned values of M and Tj,,
controlling Og would permit to reduce @, though it would remain in the order of 1071,1072, and 1073 for M equal to 2, 3,
and 4, respectively; in particular, a maximum reduction of nearly 102, 10~3, and 10~ could be achieved for M equal to
2, 3, and 4, respectively.

Furthermore, for any combination of parameters M, Ty, and Og, the evaluation of the weight of each failure scenario on @
(according to Eq. (24)) proves that cell handovers have a major impact on the communication unavailability with respect to
burst noise and connection losses, and, secondarily, that connection losses have a negligible impact with respect to burst
noise. For instance, for the case with M =4, T, = 72 s, and O = O s, the scenarios (H, B2, Lo), (H1,Bs, Lo), and (Ho, Ba, Lo)
(i.e., 2 failures due to cell handovers and 2 failures due to burst noise, 1 failure due to cell handovers and 3 failures due
to burst noise, and 4 failures due to burst noise, respectively), account for nearly 72.519%, 23.982%, and 3.478% of the cases
with 4 consecutively lost end-to-end messages, respectively. The remaining 0.021% of the cases is ascribed to scenarios
including at least 1 failure due to a connection loss.

Table 1
Evaluation within a hyper-period for the case with » = 300 km h™": the upper-bound & on the probability that M consecutive end-to-end messages are lost in a
hyper-period of duration HP = 84 s, computed for different values of M, Ty, O.

(o M=2 M=2 M=2 M=3 M=3 M=3 M=4
Th=60s Th=62s Th=64s Th =665 T, =68s Th=70s Th=72s
sp =5 km sp =5.17 km sp = 5.33 km sp = 5.5 km sp = 5.67 km sp = 5.83 km sp = 6 km

0s 0.123E-1 0.983E-2 0.123E-1 0.322E-3 0.268E—-3 0.586E—-3 0.153E-4

1s 0.102E-1 0.864E-2 0.107E-1 0.201E-3 0.193E-3 0.335E-3 0.853E-5
2s 0.899E-2 0.114E-1 0.115E-1 0.174E-3 0.343E-3 0.349E-3 0.719E-5
3s 0.112E-1 0.132E-1 0.127E-1 0.246E-3 0.385E-3 0.374E-3 0.109E-4
4s 0.132E-1 0.132E-1 0.107E-1 0.381E-3 0.387E-3 0.332E-3 0.183E-4

5s 0.132E-1 0.127E-1 0.112E-1 0.386E-3 0.375E-3 0.416E-3 0.186E—4
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5.2. Evaluation of communication failures beyond a hyper-period with train speed v = 300 km h™’

Fig. 7a plots the bound (M, H) on the first-passage probability that M consecutive end-to-end messages have been lost

within H hyper-periods for Oy = 0's and for increasing values of M and Ty,; conversely, Fig. 7b shows (M, H) for increasing
values of Og with M =2 and T, = 60 s, with M = 3 and T, = 66 s, and with M = 4 and T}, = 72 s; in both cases, we consider a
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(b) B(M,H) computed for M = 2 and T, = 60s, M = 3 and T}, = 66s, M =4 and T}, = 72s.

Fig. 7. Evaluation over multiple hyper-periods for the case with » = 300 km h™': the upper-bound B(M,H) on the probability that M consecutive end-to-
end messages are lost within H hyper-periods of duration HP = 84 s (time t expressed in s).
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time limit equal to H = 45 hyper-periods, which corresponds to a time interval of nearly 1 h, given that the hyper-period
duration is HP = 84 s and the train speed is # =300 km h".

As shown in Fig. 7a, given a value of Oy, (M, H) significantly decreases by one order of magnitude as T, increases by 6 s,
which corresponds to an increase of M by 1. Specifically, at H = 45, §(M,H) is in the order of 4.3-107', 1.5-107%, and
6.9-10* for T, =60s (M =2), T, =665 (M =3), and T, = 72 s (M = 4), respectively; hence, a reduction of g(M,H) by
one order of magnitude is expected when Ty, is further increased with a step of 6 s beyond the limit of 72 s. According to
this, results of Fig. 7a could be used to select the delay T;, between a pair of chasing trains so as to achieve a trade-off
between the utilization of the railway line and the probability that a train is stopped within 1 h; in turn, the delay Ty, cor-
responds to a headway distance s, = Ty, v, which determines the maximum number M of consecutive tolerated losses accord-
ing to Eq. (1).

Plots in Fig. 7b show that, for assigned values of T;, and M, Oy substantially impacts on (M, H). Specifically, significant
variations of (M, H) can be observed for T;, = 66 s and T;, = 72 s, though values remain within the same order of magnitude
as Og varies. In so doing, if the synchronization delay between the integrity check on board a train and the arrivals at cell
borders could be controlled, results of Fig. 7b could permit to select the value of Oy that minimizes the probability that a
train is stopped within 1 h.

Overall, results of Fig. 7 point out that the headway distance should be not lower than 6 km not to impair the railway
throughput with too frequent emergency stops, which corresponds to a limit of M = 4 tolerated losses in consecutive
end-to-end messages transmitted across the radio channel.

Similar considerations are made for the upper-bound ps.p on the long-run probability that a train is stopped, which
decreases by one order of magnitude from 0.11685 to 0.00344 up to 0.00016 as T}, increases from 60 s to 66 s up to 72s,
respectively (considering Og = O's in all cases), and exhibits variations in the same order of magnitude as Oy varies while
M and Ty, remain fixed. Overall, psop turns out to be nearly two orders of magnitude lower than the steady-state stopping
probability computed in Zimmermann and Hommel (2003) for packet age equal to 2 Tps = 12's, anyway confirming that
the headway distance must be significantly larger than the nominal braking distance of 3 km envisaged by the ERTMS/ETCS
specification.

5.3. Evaluation of communication failures for different values of train speed

We consider three additional values of train speed in the sensitivity analysis, selected so as to satisfy Hypothesis 2 with a
non-negligible jitter 7;, and to guarantee that message releases and arrivals at cell borders have harmonic periods. Specifi-

cally, we consider 280 km h™', 233.33 km h™', and 200 km h™", which yield a period Tgrs of arrivals at cell borders equal to
90, 108 s, and 126 s, respectively. The braking distance s, decreases with », and it can be estimated from the case with
v =300kmh™ ', by considering a train length of 4.1 km and a position error of 0.02 km as in Zimmermann and Hommel
(2003, 2005). Then, a lower bound on the headway distance s;, is obtained from v, s,, and M according to Eq. (1), while
an upper bound is derived so as to satisfy Hypothesis 2 while allowing a jitter s; € [0,0.83] km on the distance between con-
secutive BTSs. Finally, the headway delay and the time jitter are easily derived as Ty, = s,/v and 1 = sj/v, respectively. For

instance, for the case with »=280kmh™', we consider s, ¢ {4.565,4.744,49} km for M =2 (corresponding to
Ty € {59,61,63} s, respectively), s, € {5.031,5.211,5.367} km for M = 3 (corresponding to T, € {65,67,69} s, respectively),
and s, = 5.497 km for M = 4 (corresponding to T, = 71 s).

Values of &, /3’(M, H), and p:op computed for the same values of M and O but for different values of » turn out to be in the
same order of magnitude, due to the fact that a reduction in speed corresponds to a reduction in the headway distance. Con-
versely, the impact of cell handovers on the communication availability decreases with the train speed, due to the fact that

cell borders are encountered less often. Specifically, for the case with v = 280 km h™',M=4,T, =71s,and Oy = 0, the sce-
narios (Ha, Ba, Lo), (H1, B3, Lo), and (Ho, Ba, Lo) (i.e., 2 failures due to cell handovers and 2 failures due to burst noise, 1 failure
due to cell handovers and 3 failures due to burst noise, and 4 failures due to burst noise, respectively), account for nearly
51.064%, 42.123%, and 6.772% of the scenarios with M = 4 consecutively lost end-to-end messages, respectively (the remain-
ing 0.041% of the cases is due to scenarios with at least a connection loss). When v decreases, it is never the case that 2 out of
M consecutive end-to-end messages are lost due to handovers, so that (H;, Bs, £o) and (Ho, Bs, Lo) account for 86.847% and
13.089% of the cases if v =233.33kmh ', respectively, and for 83.168% and 16.766% of the cases if v =200kmh ',
respectively.

Fig. 8 plots the upper-bound (M, 45) on the probability that M consecutive end-to-end messages are lost within 45
hyper-periods as a function of the headway distance s;. As the speed decreases, the same bound on the stop probability
can be guaranteed by a shorter headway distance; conversely, given a headway distance, the stop probability significantly
decreases with the speed, at least by one order of magnitude. All curves alternate discontinuities and segments that are close
to plateaus: the former account for an increase in the headway distance that yields an increase by 1 in the number M of con-
secutive tolerated losses, whereas the latter correspond to intervals of the headway distance where M remains constant. The

curves for » =200kmh™' and v = 233.33 km h™' exhibit two longer plateaus in the intervals [3.5,4.3] km and [4.3, 5] km,
respectively, so that the stop probability does not significantly decrease as M is increased by 1: in both cases, the effect
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Fig. 8. The upper-bound (M, 45) on the probability that M consecutive end-to-end messages are lost within 45 hyper-periods as a function of the headway
distance s, (expressed in km), computed for different values of train speed v, assuming Og = 0's.

of an increase of M is balanced by the fact that scenarios where 2 out of M end-to-end messages are lost due to cell handovers

become possible, which occurs for s, > 4 km and s, > 4.7 km in the cases with =200kmh™' and » =233.33kmh',
respectively.

Note that plateaus are not flat but rather exhibit significant variations of the stop probability, which increase in width
with the train speed, though remaining in the same order of magnitude. This effect is due to the synchronization of the
two trains in the crossing of cell borders: in fact, for a given train speed, variations in the headway distance affect the prob-
ability that both trains cross a cell border within a time interval of duration M - Tp,se. Overall, these results support the def-
inition of high-level strategies aimed at controlling the headway distance so as to minimize the impact of handovers
according to the displacement of BTSs, supporting the achievement of a trade-off between the line capacity/throughput
and the stop probability.

6. Conclusions

The ERTMS/ETCS-L3 has not been deployed yet, and it may take years before having it fully operational. Therefore, mod-
eling and analysis efforts are currently oriented to assess the specification requirements and to evaluate both operational
and degraded scenarios, with the aim of providing insight on the range of possible design choices and supporting the devel-
opment of an early deployment demonstrator. To this end, we evaluate emergency stops in the ERTMS/ETCS-L3 due to com-
munication failures, using stochastic parameters derived in Zimmermann and Hommel (2003, 2005), with some changes
reflecting amendments introduced in the evolution of the ERTMS/ETCS specification. The approach combines analytic eval-
uation of failures due to burst noise and connection losses with numerical solution of a non-Markovian model accounting
also for failures due to cell handovers. The model represents periodic arrivals at cell borders by a pair of chasing trains
and periodic message releases, leveraging regenerative transient analysis within two hyper-periods to derive the first-
passage time distribution to an emergency stop over a time interval of arbitrary duration. This result also permits to compute
the long-run probability that a train is stopped.

Experimental results prove that cell handovers mainly affect the availability of the GSM-R, though their impact decreases
with the train speed, given that cell borders are crossed less often; conversely, the effects of connection losses on the GSM-R
communication are negligible, also with respect to those of burst noise. The obtained results also suggest that the headway
distance must be significantly larger than the braking distance to effectively limit the expected number of spurious emer-
gency stops. More specifically, for any headway distance, a lower stop probability can be achieved by decreasing the train
speed, supporting the definition of high-level policies for optimization of the line capacity/throughput. On the other hand,
for each train speed, a convenient headway distance can be selected so as to minimize the impact of cell handovers, support-
ing the development of further strategies for the network control.

Based on the insight gained from the model construction, further investigation could be focused on the evaluation of a
scenario where the RBC periodically transmits an MA to the chasing train using the most recent PR received from the fore-
going train (rather than acting as a transponder that sends an MA to the chasing train in reaction to a PR received from the
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foregoing train), which would reasonably reduce the stop probability. Moreover, the proposed solution could be easily
adapted to any system that features a radio-based moving-block technology, notably metro-railways, where a high fre-
quency of trains has to be guaranteed. The approach also provides the basis to extend the evaluation to the case of multiple
trains running on the same railway line, where a spurious emergency brake causes a cascade of non-spurious stops. More
generally, a challenge would be the application of the approach to vehicle platooning, where automated control of speed
and distance aims at improving highway throughput while avoiding traffic congestion.
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Appendix A. Proofs

A.1. Burst noise

Lemma 4.1. For any set of m not necessarily consecutive end-to-end messages, the probability that burst noise causes the loss of
all the m end-to-end messages is:

Pourst (M) = ?urst (6)

where Py iS the probability that burst noise causes the loss of a single end-to-end message.

Proof. Transient unavailability of the radio channel due to burst noise can be easily derived from marking probabilities of
the model of Fig. 1 through forward transient analysis, i.e., Upurstq (t) = > e p,, H(k0)Ps(t), Where g € {ok, ko} is the initial
marking and My, is the set of reachable markings. Both for ¢ = ok and g = ko, after a time equal to the shortest PR gen-
eration period Tpmsg (i.€., 6 S), Upurstq (£) is in the range +0.00003% of the steady-state value. Moreover, burst noise affects the
up-link and the down-link transmission in an independent manner, due to the headway distance between trains and the
independence of transmission devices. Based on these results, subsequent not necessarily consecutive losses of end-to-
end messages can be accurately approximated in product form as independent events. O

Lemma 4.2.
Pburst = 2Plink,burst - Plzink,burst (7)

where Piinkpurst iS the probability that burst noise impairs either the up-link or the down-link transmission, and it can be upper-
bounded as:

Aburst Hpurst 1 — e /burst max{funk}) (8)

Plink burst < ﬁlink burst = p
) Zburst + Hourse  Aburst + Mpyrse

where Ty is the random variable representing the duration of message transmission up-link or down-link, distributed according to
the PDF defined in Eq. (2), so that max{Tnx} = 2.55 s is thus the maximum duration of the up-link or down-link transmission.

Proof. Due to the headway distance between trains and the independence of transmission devices, burst noise affects the
up-link and the down-link transmission in an independent manner. Hence, the probability P, that burst noise impairs
the up-link transmission of a PR, or the down-link transmission of an MA, or both, can be derived as
Ppyrst = P{burst up-link} + P{burst down-link} — P{burst up-link} - P{burst down-link}. Given that the transmission time
is distributed according to the PDF of Eq. (2) both up-link and down-link,
P{burst up-link} = P{burst down-link} = Pyyrstlink, Which yields Pyyrst = 2 Piink burst — Plzmk_burst.

The process of burst noise can be considered in steady-state when it affects transmitted messages, given that it is in an
unknown state at any previous time and it is independent of connection losses, cell handovers, and message transmission.
According to this, Pjinkburst = Uburst + (1 — Upurst) fg"““ Jpurst € Arursctdt, where Uy is the steady-state value of connection
unavailability due to burst noise, so that the first addend is the probability that burst noise is occurring when transmission
starts, while the second one accounts for the probability that the channel is available when transmission starts, but burst
noise occurs before the transmission is completed. Given that 7, is a random variable with a bounded support, Ppy;st jink €an
be safely wupper-bounded by replacing Ty, with its maximum value max{t;,}, Wwhich yields
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Poursttink < Upurst + (1 — Upurst) 5““““““ Jourst € “bustdt.  Therefore, Eq. (8) is  obtained by  substituting
Uburst = Zburst/ (Zburst + Mpurse) and solving the definite integral. O

A.2. Connection losses

Lemma 4.3. The probability p,,s(m) that connection losses impair the transmission of m not necessarily consecutive end-to-end
messages is upper-bounded by the probability of m consecutive losses, and can thus be estimated as:

Pioss (M) < Progs - ZUq “Uloss.q (M = 2)Tinsg + 0) (10)
q€Q

where Py is the probability that connection losses impair the transmission of a single end-to-end message;
Q = {lossIndication, establish, estFail} is the set of the considered initial markings; U, is the steady state probability of marking
q; Uioss (1) is the transient unavailability of the radio channel due to connection losses conditioned to the hypothesis that the initial
marking of the model of Fig. 2 is q; and, § is the minimum time between two consecutive transmissions from the RBC.

Proof. Transient unavailability of the radio channel due to connection losses is derived from marking probabilities of the
model of Fig. 2 through forward transient analysis, i.e., Ui q(£) =1 — D nemy,, M(connected)p,(t), where ¢ is the initial
marking and M is the set of reachable markings. Fig. 9 plots uj.s , (t), showing that its settling time is significantly larger
than the shortest PR generation period T, (e, 6s) for each possible initial marking
q € {connected,lossIndication,establish,estFail}. According to this, connection losses affecting the transmission
of m out of M consecutive messages are not independent events for practically significant values of M.

While the foregoing train generates PRs with period Trsg, the starting time of MA transmissions in the down-link from the
RBC is subject to the stochastic variability of transmission and processing delays. However, the minimum time between the
first and the m-th MA transmission is not lower than (m —2)Tns +J, where 6 is the minimum time between two
consecutive transmissions from the RBC. Since uj4(t) is monotonic decreasing for any initial marking
g € {lossIndication,establish,estFail} that represents a failure state, p,,,(m) is upper-bounded by the probability
Toss(M) of m consecutive losses, with the first m — 1 transmissions being equidistant with time-step Tmsg and the last one
occurring after 6, i.e., Pigss (M) < Igss(M).

In turn, ryoss (M) = Pyoss - Ujoss ((M — 2) Tmsg + 6), where the first factor is the probability that an initial connection loss has
occurred, while uy(t) is the transient unavailability of the radio channel (not conditioned on the initial state), so that the
second factor accounts for the probability that the channel is still unavailable when the transmission of the m-th MA is
started. The process of connection losses can be considered in steady-state when it affects transmitted messages, given that
itis in an unknown state at any previous time and it is independent of burst noise, cell handovers, and message transmission.
According to this, ujo(t) is derived by weighting u. , (t) with the steady-state probability of each marking g that represents
a failure state, i.e., Ujoss(£) = Y geqUa - Uinss ¢(£), Which finally yields Eq. (10). O

Lemma 4.4. The probability that connection losses impair the transmission of an end-to-end message is:
Ploss = 2Plink.loss - Plzinkyloss (11)

where Pyink 10ss 1S the probability that connection losses impair either the up-link or the down-link transmission, and it can be upper-
bounded as:

1
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Fig. 9. Transient unavailability uess, (t) of the radio channel due to connection losses, for each possible initial marking q (time expressed in s).
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Plink,loss < Plinl(,loss = Uloss + (1 - Uloss) (1 - 67/21055 max{‘c“nk}) (12)

where U,oss is the steady-state value of communication unavailability due to connection losses, and Ty is the random variable
representing the duration of message transmission up-link or down-link, distributed according to the PDF defined in Eq. (2).

Proof. Also connection losses affect the up-link and the down-link transmission in an independent manner, due to the head-
way distance between trains and the independence of transmission devices. Hence, the probability P, that a connection
loss affects the up-link transmission of a PR, or the down-link transmission of an MA, or both, can be computed as
Pioss = P{loss up-link} + P{lossdown — link} — P{loss up-link} - P{lossdown — link}. Given that the up-link and the down-
link transmission time are distributed according to the PDF of Eq. (2), P{loss up-link} = P{lossdown — link} = Pjoss jink, Which

yields Ploss = 2Plink.loss - Plzink_losy

As already pointed out, the process of connection losses can be considered in steady-state when it affects transmitted
messages. Therefore, Pjyssiink = Uloss + (1 — Ujoss) fof““k Jloss € Yosstdt, where U is the steady-state value of connection
unavailability due to connection losses, so that the first added is the probability that a connection loss is occurring when
transmission starts, while the second one accounts for the probability that the channel is available when transmission starts,
but a connection loss occurs before the transmission is completed. Given that the model of Fig. 2 reaches a regeneration after
each firing, U can be derived through regenerative steady-state analysis as the steady-state probability of any marking
such that place connected is empty. According to the above remarks, Ppssink 1S upper-bounded by
Uloss + (1 = Ujgsg) farextmimd 7, e~#ostdt, which yields the inequality of Eq. (12). O

A.3. Cell handovers

Lemma 4.5. If M < HP/Tnsg, cell handovers affect at most 2 out of M consecutive end-to-end messages.

Proof. Let I' be the tree of state classes enumerated by nondeterministic transient analysis of the TPN underlying the model
of Fig. 5 until time 2 HP. Let Q be the set of paths in I' that: (i) start from the initial class or from a class where the fired tran-
sition is genMsg; (ii) end with a state class reached through the firing of genMsg; and, (iii) include M — 1 intermediate firings
of genMsg. If M < HP/T s, then any path in Q does not include more than 2 firings of failureUp or failureDown, i.e., at
any time, at most 2 out of the last M end-to-end messages can be been lost due to cell handovers. O

A.4. Combined effect of the different causes of communication failures

Lemma 4.6. The loss of the h-th end-to-end message causes the first occurrence of Ey if and only if: (i) ~Ey Vi € [1,h — 1] and (ii)
all the M — 1 messages sent within [(h — M) Tisg, (h — 1) Tisg) were lost.

Proof. (If) Condition (ii) is sufficient to guarantee that event Ey occurs within [(h — 1)Tnsg, h Tmsg), and condition (i) guaran-
tees that this is the first one. (Only if) condition (ii) is necessary to guarantee that event Ey occurs within [(h — 1)Tmsg, 1 Tmsg),
and condition (i) is trivially necessary for the first occurrence of Eyy be at t > (h — 1) Tise. O

Lemma 4.7. The loss of the h-th end-to-end message can cause the first occurrence of Ey only if the (h — M)-th end-to-end mes-
sage was correctly delivered.

Proof. If the (h— M)-th end-to-end message was lost, either some end-to-end message is delivered within
[(h — M) Tinsg, (h — 1) Trysg) o1 event Ey occurs within (h — 1) Trygg; in both cases, according to Lemma 4.6, the loss of the h-
th end-to-end message cannot cause the first occurrence of Ey. O

Lemma 4.8. ¢(M, k) is upper-bounded by the following expression Vk > 0:

k 2 M-m
‘i’(Ma k) < Zzphandover(Ma h> m) : Zpburst(n) 'ploss(M —m- Tl) (16)
n=0

h=Mm=0
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where Ppangover (M, h,m) = P{Hy; ;| Zn_m A —En;Vi € [1,h — M]}; Hy, is the event that m end-to-end messages are lost due to cell
handovers within [(h — M) Tmsg, hTimsg); Zn-m S the event that the (h— M)-th end-to-end message is delivered; and,
phandover(o) = Lpburst(o) =1, and Dioss (0) =1

Proof. According to the results of Sections 4.1,4.2,4.3, event Ey , occurs if handovers cause m < 2 losses among the M end-
to-end messages sent within [(h — M + 1) Trg, h Tmsg), While burst noise or connection losses impair the remaining M — m.
Hence, by the law of total probability, Eq. (15) can be rewritten as:

2 M-m

d(M, k) = ZZZP{H n A By ALy " =EmaVi € [1,h)} (29)
h=Mm=0 n=0 :
where By, is the event that n end-to-end messages are lost due to burst noise within the time interval
[(h—=M+1)Tnsg, hTnsg) and Lm’"’” is the event that M — m — n end-to-end messages are lost due to connection losses
within the time interval [(h — M + 1) Tisg, h Tmsg). According to Lemmas 4.6 and 4.7, the set © of all behaviors that yield
the first occurrence of Ey within [(h — 1) Tmsg, h Tmsg) includes all and only the behaviors for which the (h — M)-th end-to-
end message was delivered and no sequence of M consecutive end-to-end messages was lost within [0, (h — M) Trsg):
2 M-m
H(M, k) = ZZZF{H’”h A Bl AL Z oy A ~EyVie [1,h — M)} (30)
h=Mm=0 n=0
where Z,,_y is the event that the (h — M)-th end-to-end message was delivered. According to the definition of conditional
probability, ¢(M, k) can be expressed as:

2 MmPUHD A Bl A LT A Zyy A ~Eni¥i € [1,h— M}
$(M, k) = ZZZ PZnw 0 “EmiVic [1,h - M|} 31

h=Mm=0 n=0

Given that failures due to burst noise, connection losses and cell handovers are independent of each other, and losses due to
burst noise are approximated as independent events according to Lemma 4.1, we obtain:

2 Momprp e A L A Wi} - P{Bpy )

oM, k) = ZZZ M’hp W] : ; (32)

h=Mm=0 n=0

where Wy p =Zp_m A —EniVi € [1,h — M]. By the chain rule, ¢(M, k) can be expressed as:
2N P{W iy} - P{Hy, [Wiin} - P{Lyy" " |Wuin A Hypp} - P{Byy}

SM, k) = ZZZ : : : P{Wﬁh} : : M, (33)

h=Mm=0 n=0

Given that connection losses are independent of cell handover, it holds that:

(M, k) = ZZP{H mp | Wan} - ZP{B b Ll " (W} (34)
h=Mm=0
By Lemma 4.1, P{B}; ,} = Pyurse(M); moreover, by Lemma 4.3, P{Ly{;" " | Wi} < Pioss(M — m — n). According to this, ¢(M, k)
can be finally upper-bounded as:

M k Zzphandovel M h m Zpbulst ploss M m-— n) g (35)

h=Mm=0

Lemma 4.9. Vit > 0,Vk € N s.t. k <M,Vm € Mpgu1,YW € M1 -

M—k—1

P{Mp\gzk’{*ll (t) = m|MQ%:,‘(71 (to) =w} = P{MP\QQ/L’I] () =m} (21)
where t > (|to/Tmsg) + 1) Tmsg + K Tmsgs @' = {Wj}} 1 ifi € Ns.t.i < M; @' = @; Pis the set of places of the model shown in
Fig. 6; and, M is the set of reachable markings for places in Q C P.

Proof. On the one hand, the behavior of the model of watch variables does not condition the behavior of the model of mes-
sage processing and transmission and the model of communication failures due to handovers, as the marking of Wy, ..., Wy_1
does not condition the enabling of any transition in the other two models.

On the other hand, the behavior of the model of message processing and transmission and the model of communication
failures due to handovers conditions the behavior of the model of watch variables through the update functions of
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genMsg, handoverUp, and handoverDown. Specifically, at multiples of Ty, the marking of w; ; is assigned to W;
Vi=1,...,M—1, and a token is assigned to Wo. At the first multiple of Tyss following to, which is ([to/Tmsg] + 1) Tmsg,
memory of the marking of wy_; at time ¢t is lost, and the marking of Wy, ..., Wy_, at time to is encoded in Wy,...,Wy_1,
respectively; at time (|[to/Tmsg| + 1) Tmsg + Tmsg, memory of the marking of Wy_, at time to is lost, and the marking of
Wo, ..., Wy_3 at time ty is encoded in Wy, ..., Wy_1, respectively; at time ([to/Tmsg] + 1) Tmsg + kTmsg With k < M — 1, memory
of the marking of Wy;_,_q,...,Wy_1 at time ty has been lost, and the marking of Wg,...,Wy_,_» at time ty is encoded in
Wii1, - - -, Wym_1, respectively; and so on, until the marking of Wy at time t is lost at time ([to/Tmsg] + 1) Tmsg + (M — 1) Trnsg.

According to this, at any time t > (|to/Tmsg] + 1) Tmsg + kTmnsg, the transient probability of any marking m ¢ M,,\Qy,ll is
not conditioned by the marking of places Wht—k—1,--->Wpm_1 at time to, ie,
P{MP\QK:I] (t) =m ‘M‘QM:!](—I (fo) = (JJ} = P{MP\QkM+]1 (t) = m} O

Corollary 4.1. Vt > HP,Ym € M,Vw € Mgomfl:
P{Mp(t) = m|Mg1(0) = @} = P{Mp(t) = m} (22)

Proof. By Lemma 4.9, at any time t > (M — 1) Tnsg, transient probabilities of reachable markings are not conditioned by the
initial values of watch variables, i.e., P{Mp(t) = m |MQOM,1 (0)=w} =P{Mp(t) =m} Vt = (M —1)Ts, VM € M, VW € M,
which in fact descends from Eq. (21) for k=M —1 and t, =0s. In turn, t > (M — 1) T is implied by t > HP, given that
t/Tmsg = HP/Tmsg = 84 5/6 s = 14, and values of M with practical relevance range between 2 and 4. Therefore, Eq. (22) is sat-
isfied Vt > HP. O

Lemma 4.10. An upper-bound ¢ < & can be computed as:
p 2HP) _ 3 HP

o PR o (ML)

1-— g?)(M HP)

> Tmsg

(23)

Proof. By Lemma 4.8, ¢(M, HP/Tinsg) < (M, HP/Tinsg); hence, 1 — ¢(M, HP/Trsg) = 1 — $(M, HP/Tpnsg). Moreover, given that
the behavior of the model of Fig. 6 is periodic over the hyper-period HP, ¢(M,2HP/Tms)—
G(M,HP/Tinsg) < $(M,2HP/Tinsg) — (M, HP/Trnsg). Therefore, & < @. O
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